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* has significantly lower memory footprint than
traditional random forest approaches

» offers great flexibility in the gesture set

Classification accuracy as function of architecture
when extreme gesture depth variations occur.
DCF+SCF (orange) outperforms single SCF (blue) in
terms of accuracy averaged over all classes.
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Each stage of the pipeline is trained to perform a different task. As a result, the input to each pipeline stage is
K modified by the previous stage, reducing the variation of the data passed to the subsequent stages /
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For more information, please visit our homepage

http://ait.inf.ethz.ch/projects/2014/InAirGesture/
http://ait.inf.ethz.ch/projects/2015/3Dfrom2D/
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